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INTELLIGENCE DATA ANALYSIS WITH RAPIDMINER
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https://my.rapidminer.com/nexus/account/index.html#downloads

My Account  Download:

1' RAPIDMINER
o

Downloads

Click on a RapidMiner product of your choice to download it

RapidMiner Studio 9.10

ick on your operat ystem to start the dow

nload

D sSignin | @ Register

« Installation Guide

- « Getting Started Tutorials
[ | * Support
« Download Source

Windows Windows

32bit 64bit
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l“ RapidMiner Studio Setup — X

Welcome to the RapidMiner Studio
Setup Wizard

This wizard will guide you through the installation of
RapidMiner Studio.

It is recommended that you dose all other applications
before starting Setup. This will make it possible to update
relevant system files without having to reboot your
computer.

Click Next to continue.
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File Edt Process View Connections Seftings Exensions Help

Parameters X

ANl WES b - B ews Results Turbo Prep AutoModel | Deployments
Repository Process
@ importData = © Process X

» W Training Resources
» & Community Samples.

Login to your RapidMiner Account

RapidMiner @ usuzminu

anidlusinay viatu

vy msavigasainfunaniasanou

» 7] Samples i
» Bl Local Repository .=cai)
» B DB regscy

Operators

» 17 Data Access (58)
» [ Blending (82)

» I Cleansing (28)

» ] Modeling (167)

» [ Scoring (14)

» 7] validation (30)

» [ Uttty (85)

» 77 Extensions (2)

@ Getmore operators from the Marketplace

UM 1.3 madglusunsu

RAPIDMINER My

Create your RapidMiner Account

This account gives you access to RapidMiner products (trials, licenses,

unt Downloads

Login with your RapidMiner account to
download and install your licenses.

v Remember my password

Login and Install

Create 3 new Rapidhiner account
Manually enter a license key.
Lforgot my email or password

Leverage the Wisdom of Crowds to get operator recommendations based on your process design!

« Activate Wisdom of Crowds.

What are you using Rapidminer for?

3 Commercial purposes (= ¢
© Educational purposes i &

updates, and extensions), training via the Academy, and the

RapidMiner Community.

3UN 1.4 msamgtdeulusunsy

First name:

Last name:

University:

Role:

Please select an option

Emall address:

Create a password:

Confirm your password:

AMEIa s T community 1dlauay

Whinau

P | AiStudio v

3 Show advanced parameters
+ Change compatiolity (9.10.008)

Help

. Process

Synopsis

RapidMiner Studio Core

The root operator which is the outer
most operator of every process.

Description

Dsignin |
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Data Preparation and Data Visualization
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https://gist.github.com/netj/8836201

INTELLIGENCE DATA ANALYSIS WITH RAPIDMINER

Mt wnteya

awinglusunsy RapidMiner ud lviadnUs Import Data axUsInguiisnaniugui 2.1 Tu
nsfifandeyasyluesowmeniiumeivesyly linau My Computer wialdonlndningi
INUUNRDIUAAWNUIUN 2.2 el ldseuguuuutoya Winalu Next lunsdinly

Rosmaasusuuy Idaunagniidnin no problems. uansilinutaymla 9

File Edt Process View Conneclions Sep———t———imm—tinie
Import Data - Where is your data? x |
MW (] ) 2| aususo
Tepasiiory Where is your data?
O Impot Data v
init
» @ Training Resources @
» & Community Samples 1l w5 Comuter 3 oatsvase
» Samples
» I Local Reposttory
tor mare data source: Varkstpiace!
» Hos
Operators
pd parameters
il (910 008)
» Data Access (58)
» 71 Blenaing (82)
» Cleansing (28) 7%
» 173 Modeling (167) 5
» 7 Sconing (14)
» 173 Validation (30)
L Uiy (85) r which is the outer most operator of
» Extensions (2)
@ Getmare operstors o e A cancel
Markstplace st contaln exactly one operator of this
BRI ia the crvk sueratr o the nrocess
'
Ui 2.1 Mo
L] U
File Edt Process View Connections Set —
Import Data - Specify your data format s
Wl [»] 2| misugo v
Repository Specify your data format
© import Data s -
7! Header Row 1 File Encoding rwindows874 ¥ 1 Use Quates
it
* W Training Resources g Start Row 1 Escape Character \ Trim Lines
» & Community Sampies
Column Separator Comma " v Decimal Character < Skip Comments "
» Samples
» Bl Local Repository
» BB 1 sepallength ‘sepal.width Ppetallength petal.width variety A
2 | s1 3s 14 2 Setosa
3 49 3 14 2 Setosa
& 47 32 13 2 Setosa
5 45 31 15 2 Setosa
6 5 38 14 2 Setosa
7|54 ) 17 4 Setosa
8 45 34 14 3 setosa
Operators
9 a4 15 2 setosa R parameters.
LARY 29 14 2 setosa DIy (9.10.008)
» 17 Data Access (58) 1| a9 31 15 1 Setosa
» I Blending (82) 12| 54 37 15 2 setosa
» B Cleansing 28) 13 a8 34 16 2 Setosa
» B Modeling (167) u a8 3 14 1 Setosa 5
» 13 Scoring (14) 15 43 3 11 1 Setosa
» [ Validation (30) 16 58 4 12 2 Setosa
* [ Uy (85) B 57 a4 18 s Seloan I which s the outer most operator of
» I Extensions (2) = e =2 . 5
@ no prodiems
@ Getmore operslors from he —previous | =+ et | I cancel
Mackeiuince fst ne operator of this
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INTELLIGENCE DATA ANALYSIS WITH RAPIDMINER

soluilunsszuzuiuuneduy wananugunl 2.3 lunmstiruesiadeyaluisaseodu

Tunsalviladeyagniewarlinudeiinnannla « Winadu Next ieiinguunaudinly uans

A o

anugun 2.4 Tuduillideniuiidmsudanudeya Undudiinululvawmesve data

k] . ]
Fle Edt Process View Connecons Sef
| Import Data - Format your columns. x
H v P - o P| Aisudgio v
Repository Format your columns.
© importData s
Date format - Replace erors with missing values - =
» W Training Resources
P @y Comemiiy Cxmpies sepal.length &« sepalwidth © ~ petallength @ v petal.width © v variety o~
» Samples real real real real polynominal
» I Local Repository
» B 08 s 1| 5100 3500 1400 0200 Setosa
2 4900 3000 1400 0200 setosa
3 4700 3200 1300 0200 Setosa
4 4800 3100 1500 0.200 Setosa
5 5000 3800 1400 0200 Setosa
8 5400 3900 1700 0.400 Setosa
7 | 4800 3400 1400 0300 Setosa
8 5000 3400 1500 0.200 Setosa
Operators 9 | 4400 2900 1400 0200 Setosa
pdparameters
10 | 4900 3100 1500 0.100 Setosa
Jalioity (9.10.008)
1 | 5400 3700 1500 0200 Setosa
’ Data Access (58) 12 4800 3400 1600 0200 Setosa
y Shading <) 13 4800 3000 1400 0.100 Setosa
> Csnsing C) 14 4300 3.000 1100 0.100 Setosa 3 A
» T 1
e ) 15 | 5800 4000 1200 0200 Setosa e
» 13 Scoring (14) i studio Core
16 | 5700 4400 1500 0.400 Setosa
» [ Vatidation (30)
e 17 | 5400 3900 1300 0.400 setosa
o f
Be ] 100 2560 s Tat0 o , [Fhich s the outer most operator o
» 7] Extensions (2)
@ no proviems.
@ Getmorecpertors tom e =prevous | = nent || cancel
Marketoiace
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File Edt Process View Connections Set

Import Data - Where to store the data? x

M- > ‘ 2| misud »

Repository Where to store the data?

© Import Data

"

~ B Local Repository
» W Training Resources (- ecie  data init
» s Community Samples ecte: » processes
» Samples
» Il Local Reposttory
» B 08 e

Operators

171 Data Access (58)
Blending (82)
Cleansing (28)

151 Modeling (167) 5
Scoring (14) il
Vaiidation (30)

7 Uty (85)
Extensions (2)

Name inis

r which is the outer most operator of

Location #Local Repositoryldataliris

PRp———" —prevous || [ wisn || € concel
Marksipiace it contain exactly one operator of this
PIESTIIERIES o the vt ctmbe hthe senvets

o
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INTELLIGENCE DATA ANALYSIS WITH RAPIDMINER

derhidrdoyadisaudy wihvevzuanwnuguil 2.5 Wunswansauiazuniluendeya 1

' '
L4 = 1

Aldnalu Statistics AzuansrnvatAvesiailiaes loun Aesign AuNnign uag

U lﬂl
ALY

B <newp ~ Rapid dio Tl 910008 @ - 8 x
Ele Edt Process View Connecions Setings Egtensions Help
- b - B Design Resuts TuboPrep | AutoModel  Deployments P| Ansudgio v
Result History M ExampleSet (/Local Repository/dataviris) Repository
— © import Data =v
3z Openin TuoPrep It Auto Model Filer (1501150 examples). | ail v
i » W Training Resources
RowNo. sepallength  sepalwidth  petaliength  petalwidth  varety » & Communty Samples
1 5100 3500 1400 0200 Setosa & | [P Samcies.
— ~ Il Local Repository
3 2 4900 3 1400 0200 Setosa
» @ Connections
st .
Statistics 3 4700 3200 1300 0200 Setosa - = data
4 4600 3100 1500 0200 Setosa B s nezzzas eu- T
[ 5 5 3600 1.400 0200 Setosa ¥ B processes
= - » Hos
Veiaon’| © 5400 3900 1700 0.400 Setosa
3 4500 3400 1400 0300 Setosa
8 5 3400 1500 0200 Setosa
9 4400 2900 1400 0200 Setosa
Annotations
4900 3.100 1500 0.100 Setosa
" 5400 3700 1500 0200 Setosa
2 4800 3400 1600 0200 Setosa
3 4800 3 1400 0100 Setosa
18 4300 3 1100 0100 Setosa
15 5800 4 1200 0200 Setosa
1 5700 4400 1500 0400 Setosa
” 5.400 3900 1300 0.400 Setosa
18 5100 3500 1400 0300 Setosa
ExampleSet (150 examples, 0 special atiibutes, 5 regular attibutes)
:
JUM 2.5 msuanarluind
Y U
B <newpx ~ Rapid o Tl 910008/ | - 8 x
Ele Edt Process View Connections Setings Egtensions Help
Wi (> Design Resuns  TutoPep | Adododsl | Deployments p| misudo v
Result History @ ExampleSet (/Local Repository/data/iris) Repository
e Name FA Twe Missing Statstics Fiter (5/5 attibutes) b © importData [R2

» ' Training Resources

“/ sepallength Real 0 4.300 7.900 5843 » & Community Samples
» Samples
3 “ sepalwidth Real 0 2 4.400 3057 > M Locel Raposiiory
i » @ Connectons
Statstics : — ==
¥ petallength Real 0 1 6900 3758 W ins e PM-Ti8
» I3 processes
2
& » Hos
Visusizations petal.width Real 0 0.100 2500 1199
V' variety Nominal 0 Virginica (50) Setosa (50) Setosa (50), Versicolor (50). - 1 more]
Annotations
< >
Snowing afributes 1-5 Examples 150 Special Aibutes: 0 Regular Afritutes 5

UM 2.5 nsuansrsetiAvediliaesin 4 luandeya




INTELLIGENCE DATA ANALYSIS WITH RAPIDMINER

Wigldnadu Visualizations asdumsuanslunmesendeya dwsu irs Yszneuluse

3 Aand laun Setosa Versicolor Wag virginica Wnuaedsng o Tussunuasaunu

Result History

Statistics
[
X
Visualizations.

Annotations

iMiner Studio Trial 9.10.008 @ LAPTOP-FMHRVOGI
Design

i ExampleSet (/Local Repository/data/iris)

Plot

Plot 1 ]
Plot type
Scatier /Bubble ¥
X-Axis column
sepallengh
Vaiue column
sepal width

Color
Size
Jitter

Regression interpolation
None

Plot style 2

Turbo Prep

3UN 2.6 nMsuanalunwvesiazraaluendos

Auto Model

Deployments

Repository
© import Data =~

» W Training Resources

» & Community Samples

» [ Samples

Il Local Repository ocx
» @ Connections

- data
H s
» [ processes
» Hos
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Regression Analysis
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INTELLIGENCE DATA ANALYSIS WITH RAPIDMINER
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Tunth Design T eusonaasianeludl
1. data — winequality-red

2. Set Role Mviun quality 10w Label

3. Linear Regression

wdnideutendesiomuadnieiuudanuguil 3.1 Wnady P iileussnanadauuy nn

{1 Results togaunaduduiild dmsuandeyataslduadnsaed
0.009 * fixed acidity

- 1.090 * volatile acidity

- 0.175 * citric acid

- 1.890 * chlorides

+ 0.005 * free sulfur dioxide

- 0.003 * total sulfur dioxide

~0.502 % pH

+ 0.887 * sulphates

+ 0.294 * alcohol

+4.442




INTELLIGENCE

inp

Retrieve winequality... Set Role Linear Regression

omp e T ea ) qmn modVD
lva c | j ] | * )
) v

o wei D

v

1 3.1 LUV Linear Regression

MUl uANSZR YIS MWUBIR MUY

Tumih Design Tvihnnsidesiendosdn 2 naes mugudi 3.2
1. Apply Model
2. Performance

(%

dlonatu P aylsinadns il

root_mean_squared_error

root_mean_squared_error: 0.646 +/- 0.000

inp

Retrieve winequality...

Set Role Linear Regression
ot ) Q= 13 =) g mod @ mod
\. c 4w g ...E qw
v i v
v

U 3.2 RMSE

Apply Model

DATA ANALYSIS WITH RAPIDMINER

Performance

'™

res



INTELLIGENCE DATA ANALYSIS WITH RAPIDMINER
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Tihnswensendenuguin 3.3 lneiiundes Correlation Matrix 19157 ANUugHaanSTu

a1 v

i Results dumsuaniA1 anduniugs (Correlation) veusiasduawimnys Belidinad

Wnvinlys uansindudsassidanuduiusiunnmuluie wanmugui 3.4

Correlation Matrix
inp Q= T =
.22
mat res

v
Retrieve winequality...
g
1

gﬂﬁ 3.3 Correlation Matrix

Attribut...  fixedac.. volatile.. citricac.. residual.. chlorides freesul. totalsul.. density PH sulphat..  alcohol quality
fixed aci. 1 -0.256 0672 0.115 0.094 -0.154 -0.113 0.668 -0.683 0.183 -0.062 0124
volatile a -0.256 1 -0.552 0.002 0.061 -0.011 0.076 0.022 0235 -0.261 -0.202 -0.391
ctricacid  0.672 -0.552 1 0.144 0.204 -0.061 0.036 0.365 -0.542 0313 0.110 0.226
residual 0.115 0.002 0.144 1 0.056 0.187 0.203 0.355 -0.086 0.006 0.042 0014
chiorides  0.094 0.061 0.204 0.056 1 0.006 0.047 0.201 -0.265 0.371 -0.221 -0.129
free sulf. -0.154 -0.011 -0.061 0.187 0.006 1 0.668 -0.022 0.070 0.052 -0.069 -0.051
total sulf. -0.113 0.076 0.036 0203 0.047 0.668 1 0.071 -0.067 0.043 -0.206 -0.185
density 0.668 0.022 0.365 0.355 0.201 -0.022 0.071 1 -0.342 0.149 -0.496 -0.175
pH -0.683 0235 -0.542 -0.086 -0.265 0.070 -0.067 -0.342 1 -0.197 0.206 -0.058
sulphates  0.183 -0.261 0313 0.006 0.371 0.052 0.043 0.149 -0.197 1 0.094 0.251
alcohol -0.062 -0.202 0.110 0.042 -0.221 -0.069 -0.206 -0.496 0.206 0.094 1 0476
quality 0.124 -0.391 0.226 0.014 -0.129 -0.051 -0.185 -0.175 -0.058 0.251 0.476 1

g‘l.lﬁ 3.4 Correlarion

Tiimswensienaenuu 3.5 Inewfiunaas Select Attribure winun Widen subset {u

! U gy 5 o ! 1
ﬂijiJ‘UENG]’JLL‘UTVW\@Qﬂ'ﬁ INUUSEINAAMULANAVDIAT RMSE




INTELLIGENCE DATA ANALYSIS WITH RAPIDMINER

Retrieve wil t Select Attri Set Role Linear Regression Apply Model Performance
out Q= T3 = Qe 73 ) = mod @ mod tab g per )
4 c F — MF e i) * ea quw 7 mea  per % oa
o v wei v | v
v

3‘1]171 3.5 Select Attribute

mMsUszanauAUaya

Tihnsigessiendenugun 3.6 naiisendeyalvainidasnisussanuadly wiainng

Run Tvidainaan prediction Wunadwslaanduuuy

Retrieve winequality... Set Role Linear Regression Apply Model
ot Q= T3 n:b qw mod ) @ mod lab
A c F * oi ) * ) quw " m
—— v | i) v
v

Retrieve winequality...

c =
W

5U# 3.6 Prediction




INTELLIGENCE DATA ANALYSIS WITH RAPIDMINER

MIIANGUVBYA

Data Clustering, k-Means, Hierarchical clustering
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https://archive.ics.uci.edu/ml/datasets/Facebook+Iive+Sellers+in+Thailand

Il ayanaumMsUstaag

dawngauledain URL 9wsiu Faduendeya Facebook Live Sellers in Thailand Tidnly
€4 Data Folder uazduyinlvld¥e Live_20210128.csv adluipsasmauitainesvasiinausy
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INTELLIGENCE DATA ANALYSIS WITH RAPIDMINER

MSES 1A WU

[ o o 1

Tunth Design Iileusiondownuzun 4.1 Asil dwsundes Slect Attributes Tiiaandeyad

[d Y & =
W URAVNIALA LU

1. data — Live 20210128
2. Select Attribute i@endoyaniviateyaidu Numeric isvun

3. N k-Means azlaonasstie Clustering

Retrieve Live_20210... Select Attributes Clustering

ot Qe ) qe o
e B )

v v

v

E‘Uﬁ 4.1 K-means

wdanng run uwi arlenadwssall
Cluster Model

Cluster 0: 6148 items

Cluster 1: 4 items

Cluster 2: 392 items

Cluster 3: 101 items

Cluster 4: 405 items

Total number of items: 7050




INTELLIGENCE DATA ANALYSIS WITH RAPIDMINER

oluiiundas Write CSV anugunl 4.2 ievihmstuiinuadnsadluaiesnauiinmesves
auet tnglures csv file ideniiuinsdafiuuasdelwdiidoms niulivihnsindh

Triddananaiiegnisnseteivestoya mugui 4.3

Retrieve Live_20210... Select Attributes Clustering

o d= 3 ) q= )
7 !C F oi ) . o )

Write CSV
qw t )
o !
np
'
35U 4.2 Write CSV
v
B <new processt> - RapidMiner Studio Free 9.10008 @ LAPTOP-FMHRVDG! - a x
Fie Edt ss View Connechons Sefings Egtensions Help
- b - B Design Resuts TuboPrep | AstoModel  Deployments £ ansugo v
Result History @ ExampleSet (/Local Repository/data/Live_20210128_k5) B Cluster Model (Clustering) Repository
— oot 2 Live_20210128 kS = @ import Data =v
Data Plot 1 [ ] ¥ W Training Resources nucie
» & Community Samy
Plot type Communiy Samples
» 177 Samples
' v
Scater Bubble ~ I Local Reposiory sc
2 X-Axis columa » @ Connections
Statistics -
num_comments data
Value column W ins
[ num_iikes| M Live_20210128
V| H Live_20210128.45
u
Cluster ; tsne_scores
winequality-red
s qualty
H winequality-red-prediction
» [ processes
Annctatons | 0 » Wos

Regression interpolation
None

Plot style ) &
DR PR
:
— $ g0 N :
409 new plot #i"' &0 ., o
e
General ¥ K 3
xAxis v
e @G O D AN 8 )
vaxs @l <

U 4.3 Live 20210128 idlo k = 5
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Ifiandas Cluster Distance Performance mugufl 4.5 asiansUsydvzninvanaudaya

ANUTDANUA LA
Avg. within centroid distance

Avg. within centroid distance: -212799.306

Retrieve Live_20210... Normalize Select Attributes Clustering Performance

c ) ea [E D Qe ) D j':m % w;r
i o ) o q on
<) v v d per o
v v

E‘Uﬁ 4.4 Cluster Distance Performance

dviun1syanguteuanieisau 9 Bnlaun DBSCAN way Agglomerative Clustering




INTELLIGENCE DATA ANALYSIS WITH RAPIDMINER
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Data Classification, KNIN, Naive Bayes, Decision Tree, Random
Forest, Perceptron

UNvil BsungkIAnTeIMIIMUNTeYa Mdwuniveulnilnananada

o [ = ¢ v o/ v a 1 ' § < a { a a o
A195y dnud duliimsdnduls Undu mesidunseu maUssiiuAUssAvsnmuasin

WUy g maihdwuuluIwunluendoyaise

NT5E3 190 AUULANSILUUNLEUY

Tunti Design Tiieusianaasnuguil 5.1 dewialuil

1.

5.

data —> iris
Set Role fwiun varirty 0 Label
K-NN fviuaen k figasnsla

Apply Model

data —> iris_unseen Aatayaineinsvinug

d' £4 o a [ o 4 1 Y [
bUBNA run ﬁ]slmwaﬁuaqmimmamugﬂw 5.2 Lﬂuﬂﬁi%%mﬂ’ﬂ%@ﬂﬂaLL@GZG]']WJ?@E‘JJIU class

1n




INTELLIGENCE DATA ANALYSIS WITH RAPIDMINER

B <new processt - Rapiainer S Free 810008 @ LAPTOR-AMHRVOGH
File Edt Process \View Conneclions Settngs Extensions Help

o P - R Design Results Turbo Prep AutoModel  Deployments P| Ansudio v
Repository Process Parameters
© importData =~ © Process » PP R 4% | 7 el
= A appiication parameters. ZEat
» 77 Samples
I Locai Repository Retrieve iris Set Role. o  Appty Moder —
» @ Comecions m o -3 =P = - e ") "y
SR i «p * m qw " med
B . o v v v
1 iris_unseen Retieve iis_unseen
H Lve_20210128 (1172 ol
H Live_20210128 15 i
I S (st e
B tsne_scores (722 s 1w,
< = >
Operators
apply model x
~ 3 Modeling (1)
w I Time Series (1)
v I Forecasting (1)
I ooy Forecast
'~ ) Scoring (1)
. Apply Model
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3UN 5.1 KNN
Row No. sepal.length sepal.width petallength petal.width variety
1 Setosa 1 0 5.100 3500 1.400 0.200 ?
2 Setosa 1 0 4.900 3 1.400 0.200 ?
3 Setosa 1 0 4700 3200 1.300 0.200 ?
- Setosa 1 0 4600 3.100 1.500 0.200 ?
5 Setosa 1 0 5 3.600 1.400 0.200 ?
6 Versicolor 0 1 7 3.200 4700 1.400 ?
7 Versicolor 0 1 6.400 3.200 4.500 1.500 ?
8 Versicolor 0 1 6.900 3.100 4.900 1.500 ?
9 Versicolor 0 1 5.500 2300 4 1.300 i 4
10 Versicolor 0 1 6.500 2800 4.600 1500 ?
" Virginica 0 0 6.300 3.300 ] 2500 ?
12 Virginica 0 0 5.800 2700 5.100 1.900 ?
13 Virginica 0 0 7.100 3 5.900 2100 2
14 Virginica 0 0 6.300 2.900 5.600 1.800 ?
15 Virginica 0 0 6.500 3 5.800 2200 ?
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3Un 5.3 Split Data
accuracy: 97.78%
true Setosa true Versicolor true Virginica class precision

pred. Setosa 15 0 0 100.00%
pred. Versicolor 0 15 1 93.75%
pred. Virginica 0 0 14 100.00%
class recall 100.00% 100.00% 93.33%
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3UN 6.1 Assoication Rules
size Support Item 1 item 2
z veay Cucumver rupIes
2 0.274 Cucumber Tomatoes
2 0.262 Cucumber Sour cream
2 0.260 Cucumber Celery
2 0.280 Cucumber Cheese
2 0.263 Cucumber Oranges
2 0.256 Cucumber Alaskan King Crab Legs
2 0.259 Cucumber Eggs
2 0.250 Cucumber att20
2 0.273 Cucumber Bananas
2 0.256 Cucumber Beef
2 0.255 Cucumber Lettuce
2 0.251 Cucumber Milk
2 0.267 Cucumber Squash
2 0.255 Cucumber Yogurt
2 0.265 Cucumber Wild Salmon
2 0254 Cucumber Mushrooms
2 0.246 Cucumber Cottage cheese
2 0.280 Apples Tomatoes
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